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EXECUTIVE SUMMARY
The experience of job loss and re-employment typically focuses on the unemployed population, those who 
experience a job separation and are actively seeking work. However, a significant share of people who lose 
their jobs are not captured in the unemployed population, as they are not actively seeking work. Additionally, 
the share of people considered outside the labor force has steadily increased in the last three decades. This 
analysis considers all individuals who lose their job, not only the unemployed, to understand how the time 
to re-employment is shaped by an individual’s social position, specifically their household income (i.e., quartile) 
and the reason for their job loss.

The results presented here show that studies focused solely on the unemployed population miss at least 73 
(in Illinois) to 78 percent (nationally) of people who recently held a job but are not currently working. Most 
significantly, individuals who leave their employment due to health reasons or family responsibilities are  
underrepresented in studies on the unemployed. Moreover, lower income individuals are more likely to 
leave their job due to health reasons compared to higher income quartiles. In contrast, higher income  
individuals are more likely to leave their jobs due to quitting or for a new position. These patterns are 
missed when only studying the unemployed population.

While the lowest income households are the most likely to experience a job separation due to health issues, 
they are also among the longest to remain out of work following a health issue, specifically 152 weeks  
in the national sample and 162 weeks in the Illinois sample. Across the income distribution, households 
also experience long durations before re-employment following a separation due to family responsibilities. 
Households return to work between 72 and 83 weeks in the national sample after a separation due  
to family responsibilities and between 56 and 99 weeks in Illinois.

The results presented in this report are in support of measures that would increase access to health care for 
Illinois residents. In addition to supporting individuals who cite health issues, increased health care coverage 
may also address employment issues for individuals who cite family responsibilities in situations where they 
are caring for a sick family member with inadequate health care. These results also support increased and 
affordable child care options to help people who left their jobs due to family responsibilities. By improving 
health care coverage and child care availability, Illinois residents may be able to participate in the labor force 
at higher rates.
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BACKGROUND
Job loss is a common experience for many workers, but there is a limited understanding on how workers 
with different paths to job loss experience the process of returning to work. Most research on re-attachment 
to the labor force focuses on three specific subpopulations: the unemployed (Card et al. 2007; Chetty  
2008; Classen and Dunn 2012; Farber 2011; Hout et al. 2011; Lalive 2007; Mueller and Rothstein 2016); the 
displaced (Brand 2015; Brand and Burgard 2008; Gallo 2006; Gruber 2009; Oreopoulos et al. 2008; Sullivan 
and von Wachter 2009); and the disabled (Mueller and Rothstein 2016).

The unemployed population includes individuals who are not currently working but actively seeking work. 
For many studies (Card et al. 2007; Chetty 2008; Lalive 2007), this population is even further restricted to 
include only the individuals who meet federal and state requirements to receive Unemployment Insurance 
(UI); these benefits are available to individuals who have worked during a specified period, usually in the 
past 12 to 18 months, earned a minimum amount of wages, and became unemployed due to no fault  
of their own, in addition to any requirements of a given state. In Illinois, workers must also have earned  
a minimum amount of money in the past 18 months and must re-certify every two weeks that they continue 
to be without employment and are looking for employment to qualify for Unemployment Insurance.

The displaced worker population often overlaps considerably with the unemployed population; however, 
displaced workers may not be actively looking for work. This population typically includes individuals who 
are not working as a result of an employer relocating, downsizing, or closing.

For many research purposes (Mueller and Rothstein 2016), the disabled population is limited to the group 
of people who meet federal and state requirements to receive Social Security Disability Insurance (SSDI); the 
benefits are available to individuals who have a medical condition severe enough to meet the strict disability 
requirements, have worked in jobs eligible for Social Security, and have been unable to work for over a year 
due to the disability. 

By focusing on these three populations, existing research provides a foundational understanding of how 
some forms of work-driven nonemployment – specifically, the unemployed and the displaced – and non-
work-driven nonemployment – specifically, the disabled – produce a range of outcomes for certain individuals. 
Still, the group of individuals not employed who are not actively seeking work, not displaced, and not  
disabled as defined by SSDI are typically left unstudied. The division between actively looking for work and 
not actively looking for work may not always be clear, and this division may become even more blurred the 
longer individuals are out of work. Furthermore, the population out of the labor force has slowly been rising 
since 1995 and far exceeds the unemployed population (see Figure 1). Rather than focusing only on the  
narrow population of individuals who are considered unemployed, displaced, or officially disabled, this 
study more broadly considers formerly working individuals who are not working for a full range of reasons, 
which include having a job end, having quit, having been fired, experiencing child or family responsibilities, 
experiencing health issues, participating in school or a training program, being unable to find a job, or  
experiencing some other reason. In contrast to prior studies, this analysis shows how the more general  
experience of nonemployment, which includes all individuals who were previously employed and are  
no longer, may not be reflected by those typically studied.
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Moreover, the same path to job loss may be experienced very differently given the financial resources  
available to the individual. Two people experiencing the same type of job loss, such as nonemployment  
due to family responsibilities, will be able to respond to these demands differently depending on their  
financial position, which may affect temporal pressures to return to work. By measuring how different 
nonemployment types and household income interact to predict nonemployment durations, this analysis 
provides a counter to the prominent narrative that focuses on individual skills and motivation as key  
determinants of obtaining employment. This report shows how the social position of an individual may 
shape their labor market experience.

Specifically, this report explores three questions. First: what are the primary types of nonemployment  
experienced among prime-age workers across the income distribution? A large share of existing research  
focuses on particular paths to nonemployment, such as displacement or disability. By identifying the range 
of pathways experienced, this analysis illustrates the prevalence of different nonemployment experiences 
and the potential unacknowledged challenges many populations face in returning to work. Second: how 
does the duration of nonemployment vary by household income and the initial reason for nonemployment?  
This report highlights how together the type of nonemployment experienced and access to financial  
resources uniquely shape the path to re-employment for nonemployed individuals. Third: how does the 
experience for workers nationally compare to workers in Illinois?
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DATA AND METHODOLOGY
To study nonemployment patterns, this analysis pools the 1996, 2001, 2004, 2008, 2014, and 2018 panels  
of the Survey of Income and Program Participation (SIPP). Administered by the United States Census  
Bureau since 1983, the SIPP is a longitudinal survey that produces a nationally representative sample  
of the non-institutionalized population in the United States. The SIPP provides detailed information on the 
demographic characteristics, financial well-being, and employment histories of the interviewed households.  
All members of the household who are at least 15 years old are interviewed every four months for the 
length of the panel (1996, 2001, 2004, and 2008 panels) or annually (2014 and 2018 panels). The data  
contain monthly demographic and financial records and weekly information on an individual’s employment 
status. The sample size and duration vary by panel and within the panel, from approximately 15,000  
to approximately 50,000 households and 36 to 64 months.

The sample population is restricted in two ways. First, the analysis focuses on the prime-age working  
population and excludes individuals below the age of 25 and above the age of 60. While nonemployment 
patterns among these populations also likely differ by income and reason for nonemployment, these  
populations have a distinct relationship to the labor market that is beyond the scope of this analysis.  
Second, the sample only includes individuals for whom the transition into nonemployment is observed.  
In other words, a nonemployment spell that is already underway in the first week of data would not be  
included in the analysis; similarly, an individual who has never worked previously would not be included. 
Only individuals who are observed working for at least four weeks before their first nonemployment spell 
are included in the analysis. The SIPP does not include the information necessary to calculate the time  
nonemployed for individuals that first appear in the SIPP data as not working.
 
For individuals that are actively seeking work while nonemployed (the unemployed), the nonemployment 
spells included in this analysis are likely to be representative of unemployment spells more generally. The 
average length of unemployment ranged between 7 and 41 weeks during this period (Bureau of Labor 
Statistics 2026), so the three to five years of data available across the various SIPP panels should provide 
adequate coverage to obtain a reasonable estimate of the nonemployment duration for individuals actively 
seeking work. It may be more of a challenge to estimate representative nonemployment durations for  
individuals not actively seeking work, such as those that have a disability or those that are unable to find a 
job and stop looking, as these populations are likely to have longer nonemployment spells than populations 
that are actively looking for work. Approximately 19 percent of the nonemployment spells included in the 
analysis end before the time to re-employment is observed due to the end of the sample period and 3  
percent end before the time to re-employment is observed due to exiting the survey before the last  
interview wave. As discussed in more detail in Appendix A, an advantage of using a parametric specification 
for my duration model is that the hazard analysis estimates the expected time to re-employment for  
individuals where the exact time to re-employment is not observed.

This analysis examines how the type of nonemployment and the duration of a nonemployment spell differ 
by household income quartiles. Nonemployed individuals are assigned to an income quartile based on their 
household income in the month prior to the beginning of a nonemployment spell. The analysis focuses on 
the role of household income rather than other measures of financial well-being for two primary reasons. 
First, income most directly captures the immediate effect of a job loss and the resources immediately  
available to respond to such a shock. Second, households often make financial decisions collectively,  
and other household members may support individual members following a major shock, such as a job  
loss. All dollar amounts are adjusted to January 2020 values to account for inflation.
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Nonemployment spells are categorized based on the reasons individuals provide for not working at the 
beginning of the nonemployment spell. The nonemployment types include: job ended, fired, quit, new job, 
health issue, family responsibilities, school or training, unable to find a job, or other. One limitation with the 
data is that respondents are only allowed to select one reason for nonemployment; however, the survey 
contains seven questions that cover a range of circumstances such as a respondent’s main reason for  
leaving a position during the reference period, main reason for not working during the reference period, 
and whether there is a health, mental, or physical condition preventing work.

The construction of the nonemployment type for each individual is as follows. The SIPP questionnaire 
provides fairly similar response categories across the seven questions, and multiple response categories  
are sometimes closely related. Therefore, to present the findings on different types of nonemployment,  
related response categories are grouped both within a question and across the seven questions. For  
example, individuals who experience layoffs, closure of the businesses, or the end of seasonal work are 
collected into a single “job ended” category.

Most questions allow respondents to choose “other” if their reason for nonemployment is not listed among 
the available options. Individuals who report retirement or old age as the main reason for nonemployment 
are grouped into the “other” category. In my prime-age sample, less than six percent of individuals cite  
retirement or old age as a reason for nonemployment.

To explore the dynamics of nonemployment spells and how they vary based on a household’s economic 
status, this report investigates the following three questions:

1.	 What are the primary reasons cited for nonemployment among prime-age workers across the  
income distribution?

2.	 How does the duration of nonemployment spell vary by household income and initial reason  
for nonemployment?

3.	 How do nonemployment types and durations differ nationally and within Illinois? 
For the first question, descriptive statistics show the distribution of reasons provided across income 
quartile groups. For the second and third questions, the relationship between nonemployment duration, 
household income, and the initial reason for nonemployment are examined using a duration model 
(also referred to as a hazard model). Duration models allow for the estimation of time till an event  
occurs, which in this analysis is time to re-employment.1  

1Appendix A provides additional details on the duration model specification. 
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KEY FINDINGS
Much of the existing research on the return to work focuses on the unemployed or displaced populations. Tables 
1 and 2 highlight who is overlooked when only considering the unemployed population. Specifically, these tables 
show what share of people who lose their jobs (the nonemployed population) are considered “unemployed,”2  
as well as the distribution across different types of job loss. The unemployed population includes individuals  
who lose their job and continue to look for employment or individuals who lost their job due to a layoff.

Table 1 shows that only a small fraction, 22 percent, of individuals who have lost their jobs are considered  
a part of the unemployed population. As a result, studies that only focus on the unemployed population  
likely miss at least 78 percent of the population of people who were previously working and experienced  
a job loss. Across the different types of job loss, individuals who experienced a job loss due to a health  
issue or family responsibility are particularly underrepresented in the unemployed population.

Comparing the national results with Illinois, Table 2 shows a similar pattern emerging in Illinois. In Illinois, 27 
percent of the nonemployed population, at most, is captured by unemployment statistics. Again, individuals 
in Illinois with health issues or family responsibilities are missed to the greatest extent in analyses that focus 
on unemployment.

2This figure uses the most inclusive definition of unemployed in the SIPP data, which is also used throughout existing studies (Fujita and Moscarini 2017; Johnson and Butrica 2012; 
Ryscavage 1988). The unemployed population includes anyone who was not working at any point during the month and spent at least one week looking for work or one week laid off.

Nonemployed Unemployed

Layoff/Job Ended 19.28 9.21

Fired 3.35 1.58

Quit 8.42 2.19

New Job 2.37 0.81

Health Issue 18.66 1.03

Family 19.50 1.54

School/Training 5.26 0.70

Unable to Find Job 5.66 3.07

Other 17.49 1.76

Total 100.00 21.89

Table 1: Percent of nonemployed and unemployed population across nonemployment types nationally

Nonemployed Unemployed

Layoff/Job Ended 19.42 10.62

Fired 3.74 2.13

Quit 8.35 2.63

New Job 2.76 1.03

Health Issue 15.64 1.27

Family 20.47 2.01

School/Training 5.27 1.13

Unable to Find Job 7.47 4.24

Other 16.88 1.67

Total 100.00 26.73

Table 2: Percent of nonemployed and unemployed population across nonemployment types in Illinois
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Table 3 and 4 show the demographic characteristics of individuals who experience job loss compared  
to those who do not for both the national and Illinois populations, respectively. The tables list the  
demographic composition of the population for categorical or binary variables, such as race and ethnicity 
or education, and the mean or average values for continuous variables, such as age and income. First, 
considering Table 3, the national nonemployed population includes more individuals who are Black and 
Hispanic, have a high school degree or less, female, never married, slightly younger, and lower income. 
Turning to Table 4, the nonemployed population in Illinois reflects similar patterns as observed nationally.

Employed Nonemployed

Race/Ethnicity

White 0.73 0.68

Hispanic 0.10 0.12

Black 0.10 0.13

Asian 0.04 0.04

Other 0.03 0.03

Education

No HS 0.08 0.13

HS 0.48 0.54

Some college 0.15 0.11

College 0.19 0.16

Advanced 0.10 0.06

Female 0.45 0.54

Household size 3.04 3.19

Has children 0.49 0.48

Marital Status

Married 0.64 0.56

Divorced/Separated 0.13 0.14

Widowed 0.01 0.02

Never married 0.22 0.28

Age 41.03 39.95

Annual income ($) 111,471.48 25,694.36

Observations 113,991

Table 3:  Summary statistics nationally
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Figures 2 and 3 show the type of nonemployment spell experienced across the different income quartiles 
both nationally and in Illinois. Across different types of job loss, layoff or job ending is the most common 
cause of job separation. Notably, for both the national and Illinois populations, the experience of losing  
a job due to layoff or the job ending is experienced slightly more among the two middle income quartiles, 
then the first or lowest income quartile, and the least among the fourth or highest income quartile. Again, 
both nationally and in Illinois, quitting a job is more common among the highest income quartiles (the 
third and fourth income quartiles) compared to the lower income quartiles (the first and second income 
quartiles), as is leaving employment due to a new position for the highest income quartile relative to the 
lowest income quartile. Higher income individuals likely have access to more financial resources than  
lower income individuals, which may support their work transitions through quitting a position or leaving 
for a new job (and then experiencing at least a four week break before returning to work).

In contrast, for both the national and Illinois populations, leaving a job due to a health issue or the inability 
to find a new job is more common among the lowest two income quartiles compared to the highest two 
income quartiles, and particularly among the first income quartile with health issues. The prevalence of 
health issues interfering with employment stability among the lower income quartiles potentially highlights 
the greater physical demands associated with the work these populations are performing, and at the same 
time, the challenges in obtaining quality health care to respond to health issues as they emerge.

Additionally, specifically for Illinois, the lowest three income quartiles are more likely to leave a job due  
to family responsibilities compared to the highest income quartile.

Employed Nonemployed

Race/Ethnicity

White 0.75 0.67

Hispanic 0.10 0.14

Black 0.10 0.14

Asian 0.03 0.03

Other 0.02 0.03

Education

No HS 0.07 0.12

HS 0.50 0.53

Some college 0.15 0.11

College 0.19 0.17

Advanced 0.10 0.06

Female 0.46 0.54

Household size 3.15 3.37

Has children 0.51 0.53

Marital Status

Married 0.63 0.57

Divorced/Separated 0.13 0.12

Widowed 0.01 0.01

Never married 0.22 0.30

Age 40.72 39.90

Annual income ($) 114,802.50 30,198.18

Observations 4,903

Table 4:  Summary statistics in Illinois
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Figure 2: Nonemployment types across income quartiles nationally

Figure 3: Nonemployment types across income quartiles in Illinois
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Figures 4 and 5 show the estimated time to re-employment across different nonemployment types  
and income quartiles, as estimated in the continuous-time duration model.3  Throughout the report, the 
average time to re-employment reported is the median rather than the mean to ensure that outlying times 
to re-employment, and especially censored nonemployment spells, do not have outsized influence on  
the results.

Both nationally and in Illinois, the time to re-employment is most similar across income quartiles for the 
types of job loss that return to work most quickly; however, the time to re-employment is more variable 
across income quartiles in Illinois compared to the national estimates. The Illinois sample is significantly 
smaller than the national sample, and thus, the results are more sensitive to extreme values within the 
studied subpopulations. Given the similarities in the demographic compositions between the Illinois and 
national samples, the national sample provides a reasonable comparison group to confirm the results  
and patterns observed in Illinois.

Specifically, time to re-employment for individuals that experience a layoff or job ending is 19 to 20 weeks 
on average nationally and 20 to 27 weeks on average in Illinois. For individuals that experienced a firing, 
the time to re-employment is 19 to 23 weeks on average nationally and 17 to 36 weeks on average in Illinois. 
For individuals that quit their job, the time to re-employment is 20 to 21 weeks on average nationally and 
18 to 29 weeks on average in Illinois. For individuals that left for a new job, the time to re-employment is 5 
to 6 weeks on average nationally and 5 to 8 weeks on average in Illinois.

In contrast, both nationally and in Illinois, the types of job loss that are not directly related to the  
prior position – health issues, family responsibilities, and school or training – are associated with longer  
nonemployment durations. Households experience the longest nonemployment durations following a 
health issue. Most significantly, in the national sample, the lowest income quartile returns to work at 152 
weeks, on average, whereas the highest income quartile returns to work at 86 weeks. While the time to 
re-employment is longest for the first income quartile following a health issue, the first income quartile 
was also the most likely to experience job loss due to health issues relative to the other income quartiles. 
In Illinois, the first income quartile still experiences relatively long time to re-employment following  
a health issue at 162 weeks; however, the highest income quartile also experiences a similarly long  
nonemployment duration at 166 weeks, with the second and third income quartiles experiencing  
significantly shorter nonemployment durations between 93 and 104 weeks.

After health responsibilities, time to re-employment is longest among individuals who left their jobs due to 
family responsibilities. At the national level, the average time to re-employment following a job separation 
due to family responsibilities is between 72 and 83 weeks. In Illinois, the average time to re-employment 
following a job separation due to family responsibilities is between 56 and 99 weeks.

The time to re-employment following a job separation due to school or training programs is approximately 
equivalent across all income quartiles with the average nonemployment spell lasting from 36 to 41 weeks 
nationally and from 36 to 58 weeks in Illinois. When unable to find a job, the time to re-employment ranges 
between 39 and 50 weeks nationally and 33 and 65 weeks in Illinois. Lastly, all income quartiles return to 
work between 36 and 58 weeks in the national sample and between 34 and 66 weeks in Illinois when the 
departure is due to “other” reasons. 

3Appendix Tables A.1 and A.2 provide the results for the duration models in full for both the national and the Illinois samples, respectively.
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Figure 4: Estimated median time to re-employment nationally
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CONCLUSION
This report shows how common representations of job loss that focus on the unemployed, the displaced,  
or the disabled miss a large share of the population that experiences job loss. At most, only 22 percent 
(nationally) to 27 percent (Illinois) of the nonemployed population are captured by studies on unemployed 
populations. Individuals that experience job loss due to health issues or family responsibilities are particularly 
likely to be missed when focusing exclusively on the unemployed.

Layoff or job ended is the most common type of job loss overall across all income quartiles. Next, the lowest 
income quartile is most likely to experience job loss due to health issues. Moreover, individuals that experience 
health issues, and particularly the lowest income quartile, return to work the slowest compared to other 
types of job loss. These results highlight the importance of adequate health care and treatment, especially 
among low income households that likely have fewer and lower coverage health care options than higher 
income households.

After health issues, households across the income distribution experience the longest nonemployment  
durations following separations due to family responsibilities. More expansive health care may have  
second-order effects if individuals are leaving work to attend to sick family members that are not well  
supported through their health care. Additionally, more expansive and affordable child care may also  
support individuals’ return to work if they left employment due to childcare needs.

In contrast, the higher income quartiles are more likely to experience job loss due to quitting or a new job 
relative to lower income quartiles and the time to re-employment for these types of job loss are similar 
across income quartiles. This pattern potentially demonstrates the more advantaged position higher income 
individuals hold in the labor force, as they are able to exhibit greater control in the choice of their employment. 

In general, the Illinois results are fairly consistent with the national findings. Given the Illinois sample  
is significantly smaller, the estimates are less precise and reflect greater variability across different income 
quartiles. Most notably, the highest income quartile in Illinois has similarly long nonemployment durations 
following a health issue as the lowest income quartile. For all income quartiles, health issues produce the 
longest nonemployment durations. The particularly long nonemployment durations experienced after  
a health issue by the fourth income quartile in Illinois may highlight the financial ability of those individuals 
to more fully address health issues before returning to work.

POLICY RECOMMENDATIONS 
In sum, these findings are in support of 1) increased access and coverage of health care for Illinois  
residents, as well as 2) affordable and accessible child care, to support worker participation in the labor  
force. Furthermore, these findings and recommendations align with the results from a 2025 ReadyNation 
Illinois poll that found 81 percent of surveyed business leaders (of 400 total) in Illinois agreed that their 
employees experienced challenges in finding high quality child care and 92 percent of surveyed business 
leaders supported greater public investment in developing and offering high quality child care in Illinois 
(Zogby et al. 2025). 
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APPENDIX A 

To estimate the time to re-employment, this analysis uses a parametric continuous-time duration model  
following a log-normal distribution. Both AIC and BIC metrics were used to compare different model  
specifications; the lognormal distribution provided the best model fit. The general model is specified as follows:

Using the estimated parameters of this model, the time in weeks T until a transition to re-employment is 
predicted given the income quartile and the initial reason for nonemployment that an individual i experiences. 
To study the strength of the relationship between spell duration and 1) income, 2) nonemployment type, or 
3) the interaction between income and nonemployment type, the analysis specifies three variations on this 
general model. The first model only includes 1) income, the second model adds 2) nonemployment type, 
and lastly, the third model adds 3) the interaction between income and nonemployment type, as written 
in Equation 1. This model sequence provides a comparison across models as to how much income,  
nonemployment type, or the interaction between income and nonemployment type explains variation  
in the time to re-employment. Household income is considered first as the existing research in this area  
prioritizes household income in the process of returning to work over the particular form of nonemployment 
experienced, which is often treated as a secondary factor.

Additionally, all three variations of the model include a vector of controls x to adjust for the effects of race, 
education, sex, presence of children in the household, household size, martial status, age, metropolitan  
residence, and household income in dollars (which controls for within-quartile income differences), all  
measured in the month prior to the start of the nonemployment spell, and a final control for the specific 
nonemployment spell number observed during the survey.

Specifically, race and ethnicity categories include White, Hispanic, Black, Asian, other race; education categories 
include no high school degree, high school, some college, college, and advanced degree; sex is a binary  
variable that takes on the value of 1 for female respondents; the size of the household is a linear term for 
the number of people living in the household; presence of children is a binary term that takes on the value  
of 1 if people under the age of 18 reside in the household; categories of marital status include married, 
divorced or separated, widowed, and never married; age is entered as a linear term; metropolitan residence 
is a binary variable that takes on the value of 1 if the household lives in a metropolitan area; and household 
income is entered as a linear term.

To flexibly control for time trends,              denotes the panel fixed effects. Finally,     follows a lognormal 
distribution with shape parameter denoted p. Lastly, to handle the presence of multiple nonemployment 
spells from the same household, as well as person, the standard errors are clustered at the household level.
Tables A.1 and A.2 show the full results for the three models. Model 3 produces the results for Figure 4  
(national sample) and Figure 5 (Illinois sample). 
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Table A.1: Lognormal continuous-time duration model for transition to re-employment

(1) 
Model 1

(2) 
Model 2

(3) 
Model 3

Income Quartile, ref. Lowest

Q2 -0.12***
(0.01)

-0.04***
(0.01)

0.03**
(0.01)

Q3 -0.16***
(0.04)

-0.06***
(0.01)

-0.01
(0.01)

Q4 -0.16***
(0.06)

-0.08***
(0.03)

-0.06***
(0.02)

Panel Year

2001 0.42***
(0.01)

0.29***
(0.02)

0.28***
(0.02)

2004 0.19***
(0.02)

0.15***
(0.01)

0.15***
(0.01)

2008 0.81***
(0.02)

0.70***
(0.02)

0.69***
(0.02)

2014 0.00
(0.03)

-0.03
(0.03)

-0.03
(0.03)

2018 -0.02
(0.03)

-0.09***
(0.03)

-0.09***
(0.03)

Reason, ref. Job Ended

Fired 0.22***
(0.02)

0.29***
(0.03)

Quit 0.16***
(0.04)

0.17***
(0.05)

New Job -1.02***
(0.05)

-0.94***
(0.03)

Health Issue 1.71***
(0.06)

1.88***
(0.05)

Family 1.40***
(0.04)

1.43***
(0.05)

School/Training 1.03***
(0.04)

1.07***
(0.06)

Unable to Find Job 0.92***
(0.17)

0.99***
(0.20)

Other 0.73***
(0.11)

0.62***
(0.10)

Interactions

Q2 x Fired -0.08**
(0.03)
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Table A.1: Lognormal continuous-time duration model for transition to re-employment

(1) 
Model 1

(2) 
Model 2

(3) 
Model 3

Q2 x Quit -0.02
(0.04)

Q2 x New Job -0.08**
(0.04)

Q2 x Health Issue -0.27***
(0.02)

Q2 x Family -0.09***
(0.02)

Q2 x School/Training -0.13***
(0.04)

Q2 x Unable to Find Job -0.06
(0.04)

Q2 x Other 0.01
(0.03)

Q3 x Fired -0.23***
(0.06)

Q3 x Quit -0.01
(0.02)

Q3 x New Job -0.15***
(0.06)

Q3 x Health Issue -0.25***
(0.08)

Q3 x Family -0.03
(0.03)

Q3 x School/Training -0.08*
(0.05)

Q3 x Unable to Find Job -0.17**
(0.07)

Q3 x Other 0.19***
(0.02)

Q4 x Fired -0.05
(0.06)

Q4 x Quit 0.00
(0.03)

Q4 x New Job -0.09
(0.07)

Q4 x Health Issue -0.40***
(0.07)

Q4 x Family 0.03
(0.03)

Q4 x School/Training 0.02
(0.05)

Q4 x Unable to Find Job -0.13***
(0.03)

Q4 x Other 0.25***
(0.02)

Constant 1.16***
(0.02)

1.25***
(0.03)

1.22***
(0.03)

Observations 
Log Likelihood

4062927.00
-133962.42

4062927.00
-125905.74

4062927.00
-125832.56

SE in parenthesis   *** p<0.01;   ** p<0.05;   * p<0.10
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Table A.2: Lognormal continuous-time duration model for transition to re-employment in Illinois

(1) 
Model 1

(2) 
Model 2

(3) 
Model 3

Income Quartile, ref. Lowest

Q2 -0.13
(0.09)

-0.07
(0.08)

0.06
(0.18)

Q3 -0.06
(0.08)

0.03
(0.08)

0.26***
(0.08)

Q4 -0.08
(0.11)

-0.00
(0.11)

0.16
(0.11)

Panel Year

2001 0.33***
(0.05)

0.19***
(0.04)

0.19***
(0.04)

2004 0.04
(0.04)

0.05
(0.04)

0.05
(0.04)

2008 0.64***
(0.04)

0.55***
(0.04)

0.56***
(0.04)

2014 -0.13**
(0.06)

-0.08
(0.05)

-0.08
(0.05)

2018 -0.38***
(0.07)

-0.37***
(0.06)

-0.34***
(0.07)

Reason, ref. Job Ended

Fired 0.25*
(0.14)

0.79***
(0.15)

Quit 0.07
(0.07)

0.22
(0.16)

New Job -1.05***
(0.09)

-0.69***
(0.19)

Health Issue 1.68***
(0.13)

1.95***
(0.19)

Family 1.12***
(0.15)

1.13***
(0.24)

School/Training 0.97***
(0.08)

1.05***
(0.25)

Unable to Find Job 0.90***
(0.09)

1.09***
(0.17)

Other 0.61***
(0.16)

0.55***
(0.18)

Interactions

Q2 x Fired -0.63**
(0.32)

Q2 x Quit 0.11
(0.16)
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(1) 
Model 1

(2) 
Model 2

(3) 
Model 3

Q2 x New Job -0.52*
(0.29)

Q2 x Health Issue -0.47**
(0.23)

Q2 x Family 0.17
(0.33)

Q2 x School/Training -0.04
(0.31)

Q2 x Unable to Find Job -0.15
(0.23)

Q2 x Other -0.06
(0.15)

Q3 x Fired -1.13***
(0.36)

Q3 x Quit -0.53**
(0.23)

Q3 x New Job -0.44***
(0.17)

Q3 x Health Issue -0.64***
(0.23)

Q3 x Family 0.15
(0.14)

Q3 x School/Training -0.32
(0.27)

Q3 x Unable to Find Job -0.54***
(0.12)

Q3 x Other 0.20**
(0.09)

Q4 x Fired -0.63*
(0.33)

Q4 x Quit -0.13
(0.25)

Q4 x New Job -0.45**
(0.23)

Q4 x Health Issue -0.15
(0.21)

Q4 x Family -0.32***
(0.10)

Q4 x School/Training -0.02
(0.22)

Q4 x Unable to Find Job -0.17
(0.17)

Q4 x Other 0.07
(0.17)

Constant 1.79***
(0.10)

1.74***
(0.21)

1.62***
(0.22)

Observations 
Log Likelihood

152970.00
-5112.33

152970.00
-4811.78

152970.00
-4793.95

SE in parenthesis   *** p<0.01;   ** p<0.05;   * p<0.10

Table A.2: Lognormal continuous-time duration model for  
transition to re-employment in Illinois continued


